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B3 dojE AEES usth!Y mldojelghs g0 1990t E AREE S
ok dgole] Ak wAY, v 9 AY dHolels AN F
B3 Hlojgjolch® 1%
HE AF deldgta T
At o|2HE 7HAE EEdhs Vo] F waEo] Sty ey oln| o] g
dlolele] 717 YAl AX et eldEw, dRbARl A7]= Aleprto]Eo o
23 ek

FHU 725 & F gle Ee ol uid Y dHolHE ERE vdE b
ofElE= AW A7) el 7HAE Eoulr] flst A2l SN ol ZAE 7t
131 gtk w18 Y dolg o] URAQl ol ket gAE 3kl ofu]x] vl Q. F
o] 23H& xFeh= o]dF dlojeloltt. ddjelli= 7HE-S HlolE7F FH-SHA|NE o
2gk dloleEe] Hdd FAol7] wiitel o|ZHE THAE LEshs ol He
A P2

WdE dlolel= AEH v dolHE B Egkelith RHYE dolEl=
+ Tx3E Zler E 4 Sloy AAE:s #AEY DBMS (Database
Management System) 2] 38} 2ol eoj¥o] gl ¢ftt. thaAQl Wd wlolg
9] o= XML (eXtensible Markup Language) & %¥¥= dlo|Elolt}, <1

@ 1>o] Hlgole] FAo] AMEE = dolErt Faog FERH ook
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/ Information Extraction \

Structured Data Semi-structured Data Unstructured Data
v v v v .
Semantic-based Structure-based XML-based Ontology-based Clustering-based

v

Pre-processing

L 4
Extraction

\ Classification /

<18 1> dlo|g9] £H(ZA: Shaker et al., 2008%")

ey e $4 5 7P 528 2le 3vetak dk=dl, ©l= Volume (31

2, Variety (FF¥A), Velocity (2145)0]th?? olg|st vldlolE]e] £A40S ulgo

2 udole ¥4 A3z 3 ASstel vHRe] AFH0E Bt A
7b 53 9k 28 vltelzh Uel ARG EmA] eolE R4S ol g3 Ak A
opollA] #go] Thsalal Zlofeh2)

tjizAQl HdolE B el= ¥AE vho]d (text mining), WA dY &
A (semantic network analysis), CONCOR (convergence of iteration correla—
tion) 4] 5°] vk "oy &4 ofe] o]o] Stk Il SJAL Aol ofF
HEE S83 5 gtk A <Xl Ho]AaE 9 EQE e} 2 QI Alo]EcjA
24 dolge] HZgrozm Hlz=ys Aeks wAlsHl 248 5 Qlek 7159 1
7 e AI~E S Blglo]y VeE AR AEZE ALECE diAH )
o2 olejgt A ZE AlxFlo A= dldlolE 3l Ao} A 7]ES AHEste] A
b = ¢la Frhsta Sl Huloly e Hloly ¢ojshy-A(data ware—
house) & o]Fdllof sh= HloJElE A¥aty] o] Al wloE ] AEoly dY
(staging area) T+ W 9% (landing zone) = W=t H ARES 5 Qi) H)

Hlol8 7=t HolE flojahe-29] o] T3 20| A5 HIsHA k=
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& FEelt Bgolth 27 o pAHCR WaAd, mEY HAE HolEd
Ade) A7) F fonet JRE FESR: Zolth® A4 HAE dojEle] 80%
7} niA o|ng ANy} #a]7} Lo|dhA] o} 1 ARTo 2= 523 lo)E 7}
ofUt}. FFo@ Az Al Al AR7F A1, HE T —“%@Q‘éﬂr HleAd o] &
A7} wgRi) BAE vlod e g 1A, Ao} Ael, 4u % 9 dolE v}
oA WA & Ao Ashz Vlsolth A4, o] gle
o] W} Qg Aol BlE E&Aolrt. e dolsk HIAE wlojdow o B

By
oolee BT 7199 A AN B40] A

Hu:iﬂ

Hel doles +42 +
AR 718 Ak Al Ageld #AA 2RE AARke® W] 11
TR A A9 A 5 oAb Aol A9 & itk m3 AR Al
dopah Aest A3t g5, 2UF 7159 A8l Thssith

B2E wlolg o] el vkt 2 ZEo] vk

D) ARkt 2hels Zdofstar Alghe] sF s} ag2 ol

) AREe] BE3 @A R FAshs d o] W

3) ¥4 aok] E¥o] Hr

4) © ZhdE Yo R HAEA NS okl Bl 5 gl

5) YAE mlo]d o QIEdel BAELE oS Ao AR 5 gtk

oo
And mo(l

6) il oke] BolE AREsH] flal] oudh o Ade = qlvkh

HAE wloly Hxl= A Al WAl-dlole 4, dAe, #A4-2 o]Foxl
thoHloly ¥4 st FEE vhd 5 Qvh dHolE R Hloly ot x3kd
TAE AR Aol st dloly A= B3}, 91, lemmatization,
FH A B A AL ZEe H A Ade] A V]sS AREHo] 7]74] By
5] ie dlolgE AAs doly ¥4 F e el wet B =



F2 gree] @ushs ol ¥R AARe A F M U 4 o,
T 7 A2 71 B IR ARHOR e 5 gleh 3 71 A2
A e QuHos TR, Gu 9 of3l dEle] o Fxe T T3
ME TR SRR SWs A £E Gk VA S 7l AxEe B9 dole

|RE)= AAEE 2 S A2E 1A B e AL
£ AU AT el B Bk m} A% BARE B8@T vy
& abgolth. Rt 2T
o=, **?ME B9}

O

Qo) A== A AHE B
© 3ol A 4 AL A B2 eIt 230 e B d

E 5% 4% A5 dde ARt HAE 5718 Mg RA ofF
0)

HAE mlo]dS ok B o2 TF-IDF (Term Frequency—Inverse
Document Frequency) ¢ N—gramo] to] AR&-#r},

TF-IDF+= #410] s wl ofd wo7k 54 A4 delld drht T35t A
AAE YeRl= 544 X0tk o) o] Wite} AFA WIwe] Fog
o TF#E AbEshs Wlolls B9 Hle, 277 AAY Y%, S7F His 5ol 9lo
o, IDF#E AHEshHs W2 ol 49 gk

%)

~ log | DI
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ak AA B4 = BR:odo] 7] 23y A9

idf(t, D)

TF-IDF& oy o] mdsity,

tfidf(t,d,D)=tf(t,d)*idf(t,D)

TF=IDF ¥4 54 7|9t vk wet 71532 32 ARz s
HEsg gdst ujuct Jgel 23 wo] yloo] 7153t}
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Apdol Aol A EJ# 79 (topic model) & Aol T8k F4
Al CEIAGFAD & A % 4% A mdlelt B w4l
P HAE BN AR ov] FxE ¥y 98 AT AHgHE
B2E vlold EyojuttY
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A5 —fj— 1998 Papadimitriou, Raghavan, Tamaki % Vempala

of ol AAEATE® PLSA (Probabilistic latent semantic analysis)2H= &
2 WS Thomas Hofmanno] 1999el RHEQIL™ @A) 71 dbzo=
AHEE]= LDA (Latent Dirichlet Allocation)t= PLSA®] wkslel whgolct.
2002 David Blei, Andrew Ng %! Michael 1. Jordan®] 723t LDAE 4 &
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4 gl 22kl s dlold 2 (www.naver.com) S o] &3lith 14
717k 2020 2€ 2544 2022 6€ 2097H4] F oF 27/0€o]tk. Python
S olgste] 116712 w2 7IXEFH di= 6860715 FE3I8th o & A4

Al Qe ApAE dEdUE” & Alglstal 24 Thed HES B 48377031
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T 7 RS S Aol SR F=219 A" o] itk
Al e AAo7) FAl Edte A TAFETRS FESISITE de EAbv)
Uad e s Ae 1dete] A4 7 B2 €8d A 71 Rk
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2 ATME T2 A SR A g gAEd YgE B9 >
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NZE G1E BHAZ $SAA LDA 4] (alpha=0.5, beta=0.01)5 A3t
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=R £5 3elM 10702 mAshiA B REys AAR Ay 3749 B
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http://dilab.kunsan.ac.kr/

sentimental = function{sentences, positive, negative) {

scores = laply{sentences, function|{sentence, positive, negative) {
gentence = gsub({'[[:punct:]J]', '', sentence)
sentence = gsub('[[:cntxi:]l', '', sentence)
gentence = gsub("\\d+", "', sentence}

word.list = str_ split(sentence, '\\s5+')

words = unlist (word.list)

pos . matches = match (words, positive)
neg.matches = match (words, negatiwve)

pos.matches = !'is.na(pos.matches)
neg.matches = !is.na(neg.matches)
score = sum{pos.matches) - sum{neg.matches)

Teturn{score}

}, positive, negative)

scores.df = data.frame (score=scores, text=sentences)

return {3cores.df)
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Abstract

Analysis of Koreans' reception of the

COVID—19 pandemic using topic modeling

Kim, Wansoo
Seoul School of Integrated Sciences and Technologies

Advisor: Park, Cheong—Yeul

The COVID—19 pandemic, which started in 2019, has caused more than 158 million
cases and 3.29 million deaths worldwide as of May 2021. LDA topic modeling and
sentiment analysis were performed with social big data to analyze the perception of the
COVID—19 pandemic in Koreans.

From February 2019 to December 2021, 116 Naver news related to the COVID—19
pandemic were collected, and a total of 4837 comments on each article were analyzed.
The search terms used to collect news articles were “breaking news”, “corona 19", and
“new confirmation”. Only articles containing all three search terms were collected.
Considering that the number of confirmed cases from the previous day is reflected the
next day, we collected news articles on Tuesday that reflected the number of confirmed
cases on Monday, which had a high number of tests. Nouns such as 'corona’, 'confirma—
tion', 'vaccine', 'people’, and 'prevention' were ranked in the comments on the news ar—
ticle of breaking news of new coronal9 confirmed in that order.

As a result of topic modeling, three topics were derived, “overseas,” “government,”
and “inspection,” and a word network was created based on the main keywords for
each topic. The most important keyword in the “overseas” topic was ‘overseas’, the

most important keyword in the “government” topic was “vaccine” and the most im—
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portant keyword was “confirmation” in the “test” topic. Looking at the main keywords
and comments for each topic in detail, there were many negative words.

For sentiment analysis, Kunsan University sentiment dictionary was used. As a restult,
the negative rate of comments was about 2.6 times higher than the positive rate.
Excluding comments classified as neutral, the positive rate was 27.8% and the negative
rate was 72.2%. As the COVID—19 pandemic has continued for more than two years,
this study also revealed dissatisfaction with Korea's quarantine and medical system.

The limitations of this study are that the number of news articles and comments
was small, and the sentiment analysis method was semi—quantitative. If news articles
were collected more comprehensively and the number of comments had been greater, it
would have been possible to analyze changes in public opinion trends over time. The
sentiment analysis method used in this study divided the whole sentence into positive
and negative by scoring the whole sentence.

This study showed that public opinion trends can be known through online news ar—
ticle comment big data analysis in crisis situations such as the COVID—19 pandemic.
These methodologies are becoming more common and automated, and can be actively

used in business and marketing in the industry.

Key words: COVID—19, pandemic, big data, comment, social media, text
mining, topic modeling, word network
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